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Stepwise Regression: 4iwa versus cuswda, AU,

Alpha-to-Enter: 0.15 Alpha-to-Remove: 0.15

Response is 4jws on 9 predictors, with N = 126
Step 1 2 3
Constant 2.094 2.277 2.428
Sydo -0.137 -0.124 -0.139
T-Value -4.08 -3.82 -4.15
P-Value 0.000 0.000 0.000
ilw -0.0146 -0.0142
T-Value -3.35 -3.26
P-Value 0.001 0.001
Sy -0.078
T-Value -1.65
P-Value 0.101
S 0.416 0.400 0.397
R-Sqg 11.85 19.20 20.97
R-Sqg (adj) 11.14 17.89 19.02
Mallows Cp 11.2 2.0 1.4
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4 MATLAB R20176

4\ Neural Pattern Recognition (nprtool)

Network Architecture
Set the number of neurens in the pattern recognition network's hidden layer.

Vidden Layer Recommendation )
Define & pattern recognition neural network. — (pattemnet) Return to this panel and change the number of neurons if the netwark does ®x
ot perform well after iraining.
Number of Hidden Neurons: 10 2 -
B winsd |
Restore Defaults
Neural Network —
Details Hidden Layer Output Layer |
Workspace Input Output
Name ~ Value .
beok2s2 12660 deuble
1 bookass 1262 double 9 H ©
x
10 2 | -
W) Change settings if desired, then dick [Next] to continue.
| | & Newral Networkstait | | i Welcome | @ Back | | @concel | v
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Training Confusion Matrix Validation Confusion Matrix

Output Class
Output Class

Target Class

Target Class

Adl Confusion Matrisx

Test Confusion Matrix

Qutput Class
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Target Class

Target Class
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Best Validation Performance is 0.19551 at epoch 3

Train
“alidation
Test
......... Best

10° |

Cross-Entropy (crossentropy)

101 |
1 1 1 1 1 1 1 1 1

o 1 2 3 4 5 6 7 8 9
9 Epochs
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Abstract:

The success and failure of the organization has a direct link with how to attract and maintain
human resources.

Also, selecting and employing the most qualified people in each job one of the most important
issues and management decisions is considered.

Often there are a lot of data and information in organizations that are not used. Data mining is a
problem for the fetus. Due to the existence of numerous data banks in organization. in this research, we
try to use the data mining fan, As one of the it tools by addressing one of the most important issues in HR
management (selection and selection of employ), Factors and rules that affect the performance.

Human resources are detected by discovering the hidden pattern between the status of employ
with their efficiency and effectiveness and declaring it to managers. They can be taken to decide on
recruitment and the right guided by choice staff.

In this study , the data mining technique was used, decision tree, nerve network and regression.

Finally, it was determined that the variables type of degree, organizational and organizational
history has had a significant impact on employee upgrades. According to the results, suggestions were
made to use the results.

It is hoped that this research will be a step towards improvement and revision in current trends,
the selection of human resources.

Keywords: Data mining, Selection and selection of employ, Decision tree, Neural network,
Regression



